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Comparison of Toolkits for Multiverse and Specification Curve Analysis

Feature / Toolkit multiverse
(R)

specr
(R)

MULTIVRS
(Stata)

spec curve
(Python)

RobustiPy
(Python)

Multiverse analysis ✓ – ✓ – ✓
Specification curve analysis – ✓ – ✓ ✓
High-abstraction syntax ✓ —(partial) —(limited) – ✓
Visualisation of results ✓ ✓(built-in) ✓(kdensity) ✓(basic) ✓(custom)
Joint inference – ✓ – ✓ ✓
Influence analysis – – ✓ – ✓
Bootstrapping – ✓ – ✓ ✓
Out-of-sample – – – – ✓
Multiple estimands – ✓(limited) – ✓(partial) ✓
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All specs, with resamples All specs, no resamples Stouffers OOS R2‡

Replication Min Median Max Min Median Max BIC† Z p Min Max Notes

Union Dataset -0.6 13.6 23.7 8.1 13.5 32.8 9.8 159.9 0.0 0.0 0.3 See Young and Cumberworth, 2025

Acemoglu et al. (2001) 0.19 0.44 0.62 0.39 0.44 0.53 0.42 30.17 0.0 0.59 0.7 Constant in
←→
X

Acemoglu et al. (2001) 0.23 0.44 0.62 0.39 0.81 1.23 0.42 44.32 0.0 -0.43 0.7 Constant in
←→
Z

Vandervale (1987) -0.93 0.62 2.11 -0.23 0.70 1.09 0.73 28.21 0.0 -0.51 0.49 See also Erlich (1973)

Mankiew et al. (1982) -0.68 0.47 2.29 0.26 0.41 1.31 0.30 25.28 0.0 0.31 0.80
←→
X = [log I

Y , log(n+ g + δ)]

Mankiew et al. (1982) -3.76 -0.32 2.41 -1.82 -0.21 0.27 -0.17 1.73 0.04 0.31 0.8
←→
X = [log(n+ g + δ), log I

Y ]
ISER (2024) 0.01 0.01 0.01 0.01 0.01 0.01 0.01 91.93 0.0 0.01 0.01 Grouping variable

Zhang et al. (2021) -0.01 0.20 0.37 0.17 0.20 0.24 0.18 14.37 0.0 0.0 0.01 Grouping / multiple
←→
X

Zhang et al. (2021) -0.241 0.14 0.46 -0.099 0.14 0.35 0.20 17.79 0.0 -0.00 0.01 Resampling
←→
Z

Dawber et al. (1951) -0.06 0.03 0.1 0.0 0.02 0.06 0.01 60.88 0.0 0.01 0.1 LRobust

Dawber et al. (1951) -0.01 0.00 0.01 -0.0 0.00 0.01 0.00 46.67 0.0 0.01 0.09 OLSRobust

Passenger Satisfaction 0.01 0.01 0.02 0.01 0.01 0.02 0.01 32.5 0.0 0.02 0.23 LRobust

Passenger Satisfaction 0.00 0.00 0.00 0.00 0.00 0.00 0.00 32.5 0.0 0.44 0.49 OLSRobust

Gino et al. (2020) -0.61 -0.2 0.22 -0.24 -0.2 -0.14 n/a 43.54 0.0 0.02 0.07 Promotion, published
Gino et al. (2020) -0.19 0.33 0.85 0.20 0.33 0.42 n/a 77.69 0.0 0.86 0.99 Prevention, published
Gino et al. (2020) -0.41 0.03 0.49 -0.01 0.03 0.09 n/a -13.05 1.0 -0.00 0.02 Promotion, original
Gino et al. (2020) -0.63 -0.2 0.23 -0.2 -0.27 -0.14 n/a 40.78 0.00 -0.00 0.02 Prevention, original
Gino et al. (2020) 0.21 -0.21 0.64 0.20 0.21 0.24 n/a 15.39 0.00 0.04 0.06 Promotion, published∗

Gino et al. (2020) -0.77 -0.37 0.11 -0.41 -0.37 -0.28 n/a 28.8 0.0 0.04 0.06 Prevention, published∗

Gino et al. (2020) -0.05 -0.44 0.38 -0.06 -0.07 -0.03 n/a -1.53 0.94 -0.01 0.01 Promotion, original∗

Gino et al. (2020) -0.54 -0.09 0.37 -0.14 -0.09 -0.01 n/a 2.96 0.00 -0.01 0.01 Prevention, original∗

Orben and Przybylski (2020) -0.20 -0.02 0.12 -0.18 -0.02 0.1 n/a 472.71 0.0 0.38 0.77 Multiple Dependents
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